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Introduction
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4+ Sequential kernel execution is of low efficiency.

4 Existing graph optimization methods break the inter-
operator parallelism.

Our Contributions:

4 We propose a novel dynamic programming + back-
tracking search algorithm to find optimization solu-
tions efficiently.

4 Leveraging customized cost and multi-stream, our
method achieves the SOTA performance.
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4 Reduce the search space while maxlmlzmg optl»
mization opportunities.

Backtracking Search via Customized Cost
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4 We propose the mixed critical path cost as the se-
lection criteria.
DP-based Optimization Solution Search

4 Optimize the current

search and reduce the

On board Venflcallon
4 We leverage GPU multi-stream to exploit the inter-
operator parallelism of the computation graph.

subgraph with backtracking

problem to a sub-problem.

Results

End-to-end Model Inference Latency
Model JT__TASOWIIT 10 Nimble TASO+Nimble _Ours
Tnceptionv3 8839 7819 3788 3074 2908 2799
ResNet-50 4.566 4.554 3284 2144 1.988 1.905
ResNeXiS0 7540 7369 3056 7708 5933 289
NasNetA 13891 10843 9583 6483 1308 5850
NasNet-Mobile  10.155 8.085 3821 2320 6.540 1.883
RNNTC.SRU 149 1307 - 0486 0387 0387
11.011 9.026 6.923 6473 6.240
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