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Another commonly used matrix norm

Definition: (Frobenius norm) ” A ”
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Image decomposition
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| Image decomposition

Image decomposition based on Singular Value Decomposition (SVD)
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Theorem: ( Existence\of SVD) E\/u\, MxN IMage fos a SVD.
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Example 2.1: Let

We have

Similarly, we have

Now, eig(ATA) are 17 and 1, and so oy = v/17, 02 = 1 and
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The matrix U is, therefore, given by
Moreover,

U=
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for some vector uz orthonormal to both u; and us. One possibility is
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Finally, the SVD of A is given by
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